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Abstract
Aim: Species- level traits, such as body and range sizes, are important correlates of 
extinction risk. However, both are often related and are driven by environmental fac-
tors. Here, we elucidated links between environmental factors, body size, range size 
and susceptibility to extinction, across the whole order of rodents.
Location: Global.
Time period: Current.
Major taxa studied: Rodents (order Rodentia).
Methods: We compiled an unprecedentedly large database of rodent morphology, 
phylogeny, range size, conservation status, global climate and normalized difference 
vegetation index (NDVI), comprising >86% of all described species. Using phyloge-
netic regressions, we initially explored the environmental factors driving body size. 
Next, we modelled the relationship between body size and range size. From this re-
lationship, we computed and mapped (at the assemblage level) an index of relative 
range size, corresponding to the deviation from the expected range size of each spe-
cies, given its body size. Finally, we tested whether relative range was correlated with 
the risk of extinction of the species derived from an assessment by the International 
Union for Conservation of Nature.
Results: We found that, contrary to the expectations of Bergmann's rule, the body size 
of rodents was mostly influenced by variation in NDVI (rather than latitude/tempera-
ture). Body size, in turn, imposed a constraint on species range size, as evidenced by 
a triangular relationship that was segmented at the lower bound. The relative species 
range size derived from this relationship highlighted four geographical regions where 
rodents with small relative range were concentrated globally. We demonstrated that 
lower relative range size was associated with increased risk of extinction.
Main conclusions: Species that, given their body size, are distributed across ranges 
that are smaller than expected have elevated extinction risk. Therefore, investigating 
the relationships between environmental drivers, body size and range size might help 
to detect species that could become threatened in the near future.
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1  |  INTRODUC TION

Given the global decrease in biodiversity, now more than ever, there 
is a need to identify and focus conservation efforts proactively on 
species that are susceptible to extinction. One way to identify such 
susceptible species is by use of a “comparative extinction risk anal-
ysis” whereby those at risk are identified from intrinsic and extrinsic 
traits (see Murray et al., 2014). Several species- level traits have been 
associated with increasing extinction risk in vertebrates. Perhaps 
the most important among the intrinsic factors is a large body 
size and among the extrinsic factors is perhaps a small range size 
(Böhm et al., 2016; Cardillo et al., 2006; Lucas et al., 2019; Owens 
& Bennett, 2000; Tingley et al., 2013), and undoubtedly, these fac-
tors are correlated. Range size and body size have also evolved in 
relationship to environmental conditions, which means that some 
ecological factors have probably shaped intrinsic and extrinsic spe-
cies traits linked to their present- day extinction risk over long- term 
evolutionary processes.

Range size is an interesting species trait to study from both 
evolutionary and conservation perspectives (Gaston, 1998). Some 
argue that a smaller range size has among the strongest effects 
on extinction risk (Böhm et al., 2016; Davidson et al., 2009; Purvis 
et al., 2000); therefore, understanding the origins of range size vari-
ation has important practical implications for conservation. The 
range size of a species can generally be described as a function of 
its dispersal ability (Gaston, 2003; but see Lester et al., 2007) and its 
niche breadth (i.e., the range of resources the species can use or its 
environmental tolerance; Slatyer et al., 2013). Moreover, range area 
is expected to covary with species- level traits that influence species 
dispersal ability, creating a complex interaction between ecological 
factors, species intrinsic traits and range size.

Several hypotheses have been proposed to explain variation 
in range size. One such hypothesis is Rapoport's rule, which pos-
its that the ranges tend to be smaller at lower latitudes (and vice 
versa) (Stevens, 1989). It is mostly explained as a consequence of 
higher latitudes being associated with greater seasonal variability, 
which, in turn, are occupied by species with a greater tolerance 
for variable climates, allowing them to occupy a larger range size 
(Böhm et al., 2017; Stevens, 1989). An expected consequence is to 
find more small- ranged species in the tropics, where this trait would 
exacerbate extinction risk in these species- rich areas (Ceballos & 
Ehrlich, 2006). Although this rule has been found to apply in vari-
ous vertebrates (e.g., Arita et al., 2005; Blanchet et al., 2013; Böhm 
et al., 2017; Whitton et al., 2012), support for it is far from being 
universal, and whether it constitutes a true rule has been debated 
(Gaston et al., 1998).

Variation in range size has also been explained in terms of body 
size (Blackburn & Gaston, 1996). Under this hypothesis, there is a 

lower limit to species range size set by body size (i.e., larger spe-
cies need larger areas because of energetic constraints; Newsome 
et al., 2020). The association between body size and range size dif-
fers among taxa (Böhm et al., 2017). In mammals, the relationship is 
triangular (Blackburn & Gaston, 1996; Davidson et al., 2009), where 
the lower bound of range area is constrained by body size because 
of energetic constraints, while the upper boundary is simply a con-
sequence of habitat availability (Newsome et al., 2020). Additionally, 
range size is often associated with body size because animals with 
larger bodies can withstand broader thermal differences across a 
large, climatically variable range (and vice versa) (Böhm et al., 2017).

Range size is not the only commonly studied correlate of body 
size. Bergmann's rule is a well- known explanation of body size vari-
ation, which postulates that larger body sizes are associated with 
higher latitudes, which have lower temperatures (Mayr, 1956). This 
is generally attributed to an evolutionary adaptation for thermo-
regulation (Meiri, 2011). Therefore, Bergmann's rule has often been 
extended beyond a simple latitudinal gradient to a relationship be-
tween body size and temperature, and is thus commonly studied 
by exploring the association between species body mass or size 
and climatic variables (Alhajeri & Steppan, 2016; Meiri, 2011). The 
positive relationship between body size and temperature is thus ex-
plained because small- sized species are better at heat dissipation, 
whereas larger species are more efficient in terms of heat retention 
(Mayr, 1956), which, incidentally, makes the latter less susceptible 
to climatic variation and thus able to occupy large range areas. As a 
consequence, it might have unexpected conservation implications, 
with environmental drivers of body size influencing the extinction 
risk of species by imposing a constraint on range size. Given that 
larger species tend to be found at higher latitudes and lower tem-
peratures, they, in turn, might have a larger range size, and therefore 
be less prone to extinction. Conversely, species adapted to warmer 
environments would generally be smaller, have smaller range size, 
and thus face higher extinction risk (see Newsome et al., 2020).

The diversity of mammals has been particularly threatened by 
human activity (Andermann et al., 2020; Barnosky et al., 2011). High 
extinction risk in mammals is associated with a large body size and 
a small range size (Cardillo et al., 2006, 2008), two factors that are 
correlated (Newsome et al., 2020). Thus, at least in theory, small- 
bodied mammals should be less vulnerable to extinction. However, 
this does not appear to be the case, because rodents, which are 
among the smallest mammal species, still face high extinction risk 
[c. 14.5% are classified at least as “vulnerable” in the International 
Union for Conservation of Nature (IUCN) red list], especially in some 
regions (Kennerley et al., 2021). The full extent of extinction risk in 
rodents might be underestimated, given that there has been less 
conservation assessment of rodents than of larger mammals (Verde 
Arregoitia, 2016). Understanding the role that range size plays in the 
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extinction risk of rodents can help to predict which species might 
become threatened, especially if the relationship between range size 
and body size, in addition to the environmental drivers of the latter, 
are also clarified.

Here, we use a recently compiled, unprecedentedly large 
dataset of morphological measurements of rodents (Alhajeri, 
Fourcade, et al., 2020), in addition to publicly available data on 
environmental factors, phylogeny, range size and extinction risk, 
to disentangle the complex relationships between environmen-
tal correlates of body size, range size and extinction risk in ro-
dents. Previous evidence showed that although ecogeographical 
patterns, such as Bergmann's rule, generally hold for vertebrates, 
they might not necessarily do so in rodents, whose size seems to 
covary more with precipitation- related climatic factors (Alhajeri 
& Fourcade, 2019; Alhajeri & Steppan, 2016), in accordance 
with the “resource availability hypothesis” (see Alhajeri, Porto, & 
Maestri, 2020). Therefore, we initially tested Bergmann's rule (cor-
relating body size with latitude and temperature) and the resource 
availability hypothesis (correlating body size with precipitation 
and vegetation productivity) to determine the drivers of body 
size variation in this taxon. Next, we modelled the relationship 
between the body size of rodents and their range area. Finally, 
we identified species with smaller ranges than expected relative 
to their size (i.e., species that deviate from the lower bound) and 
linked this to their extinction risk. This is the first global phyloge-
netic comparative study on extinction risk of rodents to be carried 
out based on such a large sample size and at large taxonomic and 
spatial scales. Our results have the potential to help in identifica-
tion of threatened rodent species based on their traits, allowing 
the implementation of early preventative conservation efforts.

2  |  METHODS

2.1  |  Species data

This study relies largely on a considerable, recently compiled mor-
phological dataset, originally used to investigate the relationship 
between appendage length and climate (i.e., Allen's rule; Alhajeri, 
Fourcade, et al., 2020). In that dataset, head- and- body length was 
collected from 285 different sources, including museum data-
bases and the literature, forming a total of 81,880 measurements 
of 2212 rodent species. From this dataset, we extracted the mean 
and standard deviation of the head- and- body length of each spe-
cies. According to Burgin et al. (2018), there are a total of 2552 de-
scribed rodent species, which means that our dataset covered >86% 
of all described species. Although the dataset compiled by Alhajeri, 
Fourcade, et al. (2020) also contains measurements of body mass, 
we used head- and- body length as a proxy for body size here be-
cause the former was available for only 1191 species and because 
the two variables were highly correlated. The date of collection was 
not always available, but the specimens examined span at least the 
19th and 20th centuries.

We obtained species range maps from the International Union 
for Conservation of Nature (IUCN, 2017) for all 2212 species. These 
data are distributed in the form of shapefiles (available at: www.
iucnr edlist.org/resou rces/spati al- data- download) depicting the 
known global distribution of each species as assessed by the IUCN. 
Such distributional data are mostly produced by expert knowledge, 
supplemented by empirical records and habitat filtering. As such, 
they might fail to account for fine- scale variation in species presence 
and absence (Herkt et al., 2017) but provide a nearly comprehen-
sive assessment that would otherwise be difficult to gather at such a 
large spatial and taxonomic scale (Schipper et al., 2008). In particular, 
we expect them to be accurate enough to rank species properly by 
their range area (see e.g., Alhajeri, Fourcade, et al., 2020; Newsome 
et al., 2020; Rodrigues et al., 2006), and they have been shown to 
be as effective as true occurrence data in estimating basic climatic 
conditions experienced by each species (Alhajeri & Fourcade, 2019). 
Here, we extracted species range size as the total area covered by all 
polygons where each species is present currently, using the “letsR” 
package (Vilela & Villalobos, 2015) for the software R v.4.0.2 (R Core 
Team, 2020). The full description of the database and collection 
methods, including morphology and species range, is available in the 
paper by Alhajeri, Fourcade, et al. (2020). From the IUCN maps, we 
also extracted the mean and standard deviation of the latitudinal 
coordinates of each species range.

In addition, we used the IUCN database to obtain the conser-
vation status of each species and the criteria that led to this status 
(IUCN, 2017), which was used to characterize extinction risk and fil-
ter species (see section 2.5). The IUCN reports conservation status 
using a scale of seven categories from “least concern” to “extinct”; 
this ranks species on whether they are threatened with extinction 
according to a series of criteria related to population trends and the 
size of the remaining natural range (Rodrigues et al., 2006). Among 
the 2212 rodent species that we analysed, 351 were classified as 
“data deficient”, which means that their conservation status was 
evaluated, but insufficient information was available for a reliable 
conclusion regarding their extinction risk. These species were thus 
not used in the analyses involving extinction risk but were retained 
in all other steps. In total, 83% of the remaining species (1548) are 
not immediately threatened (categories “least concern” and “near 
threatened”), while 17% (311) are at risk of extinction (categories 
“vulnerable”, “endangered” and “critically endangered”), and another 
two species are already extinct. The conservation status of species 
was accessed with the R package “rredlist” (Chamberlain, 2020).

When investigating interspecific variation in species traits, it 
is essential to consider that species are not independent of each 
other, because they are all phylogenetically related. Therefore, in 
all analyses described below, we adopted statistical approaches 
that accounted for the phylogenetic relatedness of the species. For 
this purpose, we obtained a sample of 100 trees (because there 
are uncertainties in phylogenetic placements and node ages) from 
the phylogenetic trees estimated by Upham et al. (2019), which are 
currently the most up- to- date source for these data. We used both 
“DNA- only” trees, which are those that contain only the species 

http://www.iucnredlist.org/resources/spatial-data-download
http://www.iucnredlist.org/resources/spatial-data-download
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for which DNA data were available, and “completed” trees, where 
species missing DNA data were imputed. Some species in our mor-
phological database were missing from the phylogenetic dataset; 
therefore, ultimately, analyses were based on 2170 species when 
using the completed trees and 1466 species when using the DNA- 
only trees. Additional information regarding phylogenetic trees and 
the way in which we handled taxonomic matching between morpho-
logical and phylogenetic databases can be found in the papers by 
Upham et al. (2019) and Alhajeri, Fourcade, et al. (2020).

2.2  |  Environmental variables

We obtained climatic variables from the WorldClim project (v.2), 
which compiles mean temperature and precipitation from a set of 
weather stations, from the years 1970 to 2000, to interpolate global 
raster maps of climate (Fick & Hijmans, 2017). Specifically, we down-
loaded all 19 bioclimatic rasters at a resolution of 2.5 arc- min (from 
https://www.world clim.org/), which are biologically meaningful 
climate variables derived from monthly temperature and rainfall. 
Instead of considering all bioclimatic variables and testing which 
is correlated best with body size, we reduced our set of predic-
tors using a varimax- rotated principal components analysis (PCA), 
as implemented in the “psych” R package (Revelle, 2020). The re-
sulting principal components 1 and 2 represent >70% of the total 
climatic variation and are strongly related to temperature and pre-
cipitation variables, respectively (Supporting Information Table S1; 
Figure S1). This allowed us to summarize global climatic variation 
into two predictors that are based on the climatic aspects that are 
most relevant to the species examined. Given that there might be 
discrepancies between the dates of morphological measurements 
and climate data, we tested whether climate variables from differ-
ent time periods would lead to the same results. For this, we created 
the same climate variables using monthly precipitation, minimum 
and maximum temperature for the periods 1901– 1905 and 2001– 
2005 (i.e., two climate datasets separated by one century), down-
loaded from the CHELSAcruts database (Karger et al., 2017; Karger 
& Zimmermann, 2018).

In addition, we used the normalized difference vegetation index 
(NDVI), which is a remote sensing- derived index of vegetation pro-
ductivity, as a proxy of global variation in resource availability. As 
a source of NDVI data, we compiled all bimonthly rasters from the 
Global Inventory Modelling and Mapping Studies (GIMMS) NDVI3g 
database, for the period 1990– 2009. The GIMMS project is a long- 
term NDVI time series derived from several Advanced Very- High- 
Resolution Radiometer (AVHRR) sensors (Zeng et al., 2013). Here, 
we accessed the GIMMS NDVI data using the “gimms” R package 
(Detsch, 2020) and calculated an average global NDVI at 5 arc- min 
resolution using the mean values over the aforementioned period.

To account for intraspecific variability in the environmental 
conditions experienced by species within their distribution, we ex-
tracted, for each species, the mean and standard deviation of both 
climate variables (PCA axes) and NDVI across their entire range.

2.3  |  Correlates of body size

We first tested the association between head- and- body length 
and several environmental variables to disentangle the role of the 
latter in shaping the evolution of body size. Following the hypoth-
esis of Bergmann's rule (Mayr, 1956), whereby relatively larger 
species are expected to be found closer to the poles, we initially 
tested whether there was a geographical gradient in body length 
by regressing head- and- body length with latitude. Given that this 
hypothesis is usually defined in a context of thermoregulation, we 
also estimated the relationship between head- and- body length 
and the first axis of our varimax- rotated PCA of bioclimatic varia-
bles (Supporting Information Figure S1), which is highly correlated 
with temperature variables (Supporting Information Table S1). 
There are additional hypotheses regarding the drivers of body 
size in rodents, namely that precipitation and resource availabil-
ity might play a role in explaining geographical variation in body 
size (Alhajeri, Porto, & Maestri, 2020; Alhajeri & Steppan, 2016). 
Therefore, we also estimated the association between head- 
and- body length and the second axis of the varimax- rotated 
PCA of bioclimatic variables (associated with precipitation vari-
ables; see Supporting Information Table S1; Figure S1) and NDVI, 
respectively.

We followed here the approach developed by Alhajeri, Fourcade, 
et al. (2020). Analyses were carried out as phylogenetic linear re-
gressions to correct for relatedness among species, which were com-
puted using the “phylolm” R package (Ho & Ané, 2014) with a Pagel's 
λ phylogenetic model of trait evolution (Pagel, 1999). To account for 
phylogenetic uncertainty, all analyses were repeated for each of the 
100 phylogenetic trees, for both the DNA- only and the completed 
trees. Given that intraspecific phenotypic variability can also be a 
source of bias in cross- species analyses (Silvestro et al., 2015), we 
also repeated each analysis 100 times, each time sampling: (1) an ar-
bitrary value of head- and- body length from a truncated normal dis-
tribution (ensuring that sampled values were positive) with the mean 
and standard deviation obtained from the observed values from our 
database of morphological measurements, and (2) an arbitrary value 
of latitude, climate (temperature or precipitation) or NDVI, following 
a normal distribution with the mean and standard deviation of the 
observed values within the species range. For each of the DNA- only 
and the completed sets of trees, we report the mean estimate of the 
slope between head- and- body length and latitude, climate or NDVI, 
with 95% confidence intervals (CIs) based on the distribution of these 
values across the 100 trees and the 100 sampled values (i.e., 10,000 
phylogenetic regressions per variable), in addition to the propor-
tion of positive or negative coefficients that were significant at the 
α = .05 level. Values of head- and- body length were ln- transformed 
before analyses, and explanatory variables were scaled and centred 
such that effects sizes could be compared. We also compared the 
coefficients of the regression between body size and temperature 
(PCA axis 1) or precipitation (PCA axis 2), estimated using climate 
from 1901– 1905 or from 2001– 2005, in order to determine whether 
the time period of climate data influenced our results.

https://www.worldclim.org/
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In addition to examining effect sizes, we identified the main 
driver of head- and- body length variation across species by com-
paring models computed with different sets of variables according 
to their corrected Akaike information criterion (AICc; Burnham & 
Anderson, 2002). For each replicate of sampled values and phyloge-
netic tree, we performed six phylogenetic regressions: four univari-
ate models with each of the four variables we aimed to test (latitude, 
temperature, precipitation and NDVI) as single explanatory vari-
ables, one model that incorporated both temperature and precipi-
tation variables to test whether climate as a whole could be the best 
predictor of body size, and one null model (intercept- only model that 
served as a reference to test whether our selected predictors had an 
effect on body size variation). We then extracted the AICc weight of 
each model and summarized this value across the 10,000 replicates.

2.4  |  Modelling body size constraints on range size

Following Agosta and Bernardo (2013) and Newsome et al. (2020), 
we described the association between range size and body size 
(head- and- body length) as a triangular log– log relationship, where a 
breakpoint in the lower bound is expected to occur at mid- values of 
body size. For this purpose, we fitted quantile regressions for the 95 
and 5% quantiles to estimate the upper and lower bounds of the rela-
tionship. Specifically, the lower quantile was fitted with a segmented 
regression to allow for a change in the slope, and the location of 
the breakpoint was estimated using the maximum- likelihood ap-
proach implemented in the “segmented” R package (Muggeo, 2008). 
Quantile regressions were computed with the “quantreg” R package 
(Koenker, 2021).

Phylogenetic interdependence between the species was ac-
counted for, following the approach of Newsome et al. (2020). First, 
(segmented) quantile regressions were fitted without incorporating 
phylogenetic information. Second, we calculated a phylogenetic re-
sidual auto- covariate using the inverse distance squared weighted 
mean of the residuals, where phylogenetic distances were defined 
as one minus the phylogenetic correlation matrix between the spe-
cies. Finally, we refitted the (segmented) quantile regressions with 
the phylogenetic residual auto- covariate included as an additional 
predictor to adjust for phylogenetic relatedness. To verify that this 
procedure effectively reduced the phylogenetic signal in model re-
siduals, we report Pagel's λ derived from an intercept- only phylo-
genetic regression (computed with the “phylolm” R package) fitted 
to the residuals of the (segmented) quantile regressions, before and 
after incorporating the phylogenetic residual auto- covariate.

Although theoretical hypotheses and empirical observations in 
mammals (Newsome et al., 2020) pointed to a triangular relation-
ship, we tested, in addition to quantile regressions, whether a simple 
linear relationship could exist between range size and head- and- 
body length. Therefore, we also ran phylogenetic regressions using 
the “phylolm” R package, with the same procedure as used for the 
analyses of the environmental correlates of body size. The whole 
approach (i.e., quantile regression for the upper quantile, segmented 

quantile regression for the lower quantile, and linear phylogenetic 
regression) was repeated 20,000 times, because we sampled 100 
values of head- and- body length, and we used 100 random samples 
of DNA- only and completed phylogenetic trees. We report the mean 
estimates and 95% CIs of all parameters (slopes, breakpoints, etc.) 
from the distribution of these values across the replicates. We also 
report the proportion of positive or negative coefficients that were 
significant at the α = .05 level.

2.5  |  Extinction risk and range size

To describe how the constraints that body size imposes on range 
size influence, in turn, the extinction risk of the species, we first de-
fined relative range size as the ln- transformed ratio of the observed 
range area for the species divided by its theoretical minimum range 
area given its body size, as predicted by the lower bound of the 
quantile regression described in the previous section (see Newsome 
et al., 2020). For illustrative purposes, we plotted the variation in 
mean estimated relative range size of species across the phyloge-
netic tree of rodents, computing ancestral values using the re- 
rooting maximum- likelihood method of the “phytools” R package 
(Revell, 2012). In addition, we mapped the global variation in relative 
range size across assemblages of rodents, defined as 2° equal- area 
grid cells where species were considered present if their distribution 
overlapped any surface of it. Using the relative range size we had es-
timated for each species, we counted, in each grid cell, the number of 
species with a small relative range (defined as 5.62, corresponding to 
the mean minus one standard deviation of estimated values), which 
we divided by the total number of rodent species in each grid cell.

We chose to model extinction risk as a continuous variable; for 
this, we converted IUCN conservation status to values ranging be-
tween zero and one, representing increasing risk of species extinc-
tion. Since there are six possible conservation status, extinction risk 
was coded as follows: “least concern” = 0, “near threatened” = .2, 
“vulnerable” = .4, “endangered” = .6, “critically endangered” = .8 and 
“extinct” = 1. We modelled the relationship between extinction risk 
of species and their relative range size using phylogenetic regres-
sions computed with the “phylolm” R package, after logit transfor-
mation of extinction risk to model a logistic relationship. To account 
for phylogenetic uncertainties and intraspecific body size variation, 
phylogenetic regressions were repeated for 20,000 values of rela-
tive range size that correspond to each replicate of the quantile re-
gressions that modelled body size constraints on range size, using 
the corresponding phylogenetic tree that served to compute the 
phylogenetic residual auto- covariate. Given that IUCN conserva-
tion assessments are based, in part, on species range size, we car-
ried out this analysis for those species whose conservation status 
was not decided based on criterion B (small range size) (Le Breton 
et al., 2019), therefore excluding 257 species. For comparison, we 
also report results for the whole set of rodent species used in this 
study. Again, we report the mean estimate and the 95% CIs from the 
distribution of regression coefficients across replicates and report 
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the proportion of positive or negative coefficients that were signifi-
cant at the α = .05 level.

Given that IUCN conservation categories are essentially an ordi-
nal variable, we acknowledge that our continuous interpretation of 
extinction risk is imperfect. This approach was taken here in order 
to keep a consistent framework consisting of 20,000 repetitions of 
phylogenetic regressions fitted with the “phylolm” R package (which 
does not include ordinal regressions). For comparison, we also fitted 
a Bayesian phylogenetic ordinal model using the “brms” R package 
(Bürkner, 2017). Owing to computation time, we would have been 
unable to fit 20,000 such models. Therefore, we present in the 
Supporting Information (Figure S4) only one ordinal model fitted to 
one sample of phylogenetic tree and morphology.

3  |  RESULTS

3.1  |  Correlates of body size

Contrary to the expectations of Bergmann's rule, we found no evi-
dence that the head- and- body length of rodents was associated 
with latitude [βcompleted trees = 0.008 (95% CI: −0.002 to 0.018); 
βDNA- only trees = 0.005 (95% CI: −0.005 to 0.016)]. There was also 
no clear effect of temperature variation, either alone or in asso-
ciation with precipitation, although we observed a tendency for 
shorter head- and- body length in warmer temperatures when ana-
lysing species with DNA information only [βcompleted trees = −0.004 
(95% CI: −0.015 to 0.006); βDNA- only trees = −0.011 (95% CI: −0.021 
to −0.001); Figure 1]. However, there was generally a positive re-
lationship between head- and- body length and precipitation, 

albeit mostly apparent, again, for species with DNA- based phylo-
genetic information [βcompleted trees = 0.014 (95% CI: 0.001– 0.025); 
βDNA- only trees = 0.019 (95% CI: −0.007 to 0.031)]. Our analyses showed 
that the main environmental variable influencing the body size of 
rodents was NDVI, which was positively associated with the head- 
and- body length of species, as evidenced by positive and significant 
regression coefficients in most replicates [βcompleted trees = 0.015 
(95% CI: 0.006– 0.024); βDNA- only trees = 0.021 (95% CI: 0.011– 0.032)] 
and a greater support for this variable in multi- model comparisons 
(lowest AICc in 59 and 63% of models, respectively; Figure 1). In any 
case, the relationship remained weak, with a mean adjusted R2 < .01 
(Supporting Information Table S2). Using climate data from con-
trasted time periods did not seem to change the results (Supporting 
Information Figure S2), which indicates that the possible mismatch 
between the dates of morphological measurements, climate vari-
ables and NDVI is unlikely to affect our conclusions.

3.2  |  Body size constraints on range size

There was no linear relationship between range size and head- 
and- body length (all linear phylogenetic regressions led to non- 
significant coefficients; see Supporting Information Table S3). The 
upper quantile of range size showed a slightly positive relation-
ship with head- and- body length [βcompleted trees = 0.225 (95% CI:  
0.156– 0.290); βDNA- only trees = 0.306 (95% CI: 0.162– 0.417)], which 
was, however, non- significant for most replicates. We did, however, 
find support for a segmented relationship between the lower quantile 
of range size and head- and- body length (Figure 2). Before a breakpoint 
located around 19– 35 cm, there was a slightly negative slope, with 

F I G U R E  1  Environmental correlates of the body size of rodents. (a) Regression coefficients of phylogenetic models linking body size (ln- 
transformed) and one of the following variables: Absolute latitude, normalized difference vegetation index (NDVI), first axis of the varimax- 
rotated principal components analysis (PCA) on climate [correlated with temperature (Temp) variables] or second axis of the varimax- rotated 
PCA on climate [correlated with precipitation (Prec) variables]. Results are presented as the mean (±95% confidence intervals) coefficient 
estimates from 10,000 phylogenetic regressions (100 trees × 100 samples of body size) and as the proportion of replicates that provide 
significantly positive (+) and negative (−) coefficients. (b) Support for each univariate model, in addition to a null model (intercept only) and a 
climate model (temperature + precipitation), estimated by corrected Akaike information criterion (AICc) weight. Results are the mean weight 
across all samples of phylogenetic trees and body sizes. Numbers within parentheses indicate the proportion of samples for which the model 
had the lowest AICc. (c) Scatterplot and regression lines of the mean estimated relationship between body length and NDVI. In all plots, 
results are shown for all species with imputed phylogenetic trees (red) and for species with DNA information only (blue).
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mixed support depending on the replicate [βcompleted trees = −0.867 
(95% CI: −1.420 to −0.305); βDNA- only trees = −2.400 (95% CI: −3.430 
to −1.460); Supporting Information Table S3]. After the break-
point (i.e., for larger species), we observed a clear positive slope 
[βcompleted trees = 4.850 (95% CI: 1.640– 9.080); βDNA- only trees = 3.200 
(95% CI: 1.110– 8.970); Figure 2; Supporting Information Table S3], 
which was congruent with the lower bound of the expected trian-
gular relationship between range size and body length (Brown & 
Maurer, 1987). Phylogenetic signal, as measured by Pagel's λ, was 

reduced in the models incorporating the phylogenetic residual auto- 
covariate, showing that the approach effectively decreased phyloge-
netic autocorrelation (Supporting Information Table S3).

3.3  |  Extinction risk and range size

We classified a total of 342 rodent species as having a small relative 
range according to our criterion (Supporting Information Table S4). 
Most assemblages of rodents did not contain any of these species; 
260 grid cells were occupied by only one species with small relative 
range, 64 by two species, and 47 by more than two species, up to 
11. Four main regions included a significant proportion of species 
with low relative range size, up to 100% (Figure 3): Central America 
(including the Caribbean), Madagascar, south- eastern Asia and the 
Aleutian islands, which harbours few rodent species, but a large pro-
portion of those have a small relative range size.

It was clear visually that the most threatened species were 
those with a smaller relative range (Figure 4a,b). For example, spe-
cies classified as “least concern” had a mean relative range size of 
9.87 (SD = 2.12), whereas the relative range size of “critically en-
dangered” species was 5.64 on average (SD = 2.58). Data- deficient 
species, which could not, by definition, be included in the statistical 
models linking extinction risk and relative range size, had a mean 
relative range size of 6.30 (SD = 2.81). Phylogenetic logistic regres-
sions confirmed that extinction risk was negatively related to the 
relative range size of species, both when all species included in the 
completed trees were analysed [βcompleted trees = −0.155 (95% CI: 
−0.159 to −0.151); adjusted R2 = 0.13] or only those in DNA- only 
trees [βcompleted trees = −0.133 (95% CI: −0.141 to −0.127); adjusted 
R2 = 0.11; Figure 4c]. Unsurprisingly, the relationship was stronger 
when all species were combined, including those classified according 
to their range size (Supporting Information Figure S3; Table S5).

The ordinal regression we fitted under a Bayesian frame-
work showed that species with a large relative range had a higher 

F I G U R E  2  Relationship between the range size of rodents 
and their head- and- body length, estimated with a simple linear 
phylogenetic regression (dashed lines) or with a phylogenetically 
corrected quantile regression for the 5th (segmented regression) 
and 95th quantiles (continuous lines). Regression lines correspond 
to the mean estimates across multiple samples of trees and body 
size and are shown for all species with completed phylogenetic 
trees (red) and for the subset of species that have DNA information 
(blue).
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probability of being classified as “least concern”. On the contrary, 
a small relative range was associated with a higher probability of 
belonging to the “near threatened” to “critically endangered” cate-
gories (Supporting Information Figure S4). This also confirmed our 
hypothesis that species with a smaller relative range tended to be 
more threatened.

4  |  DISCUSSION

We did not find support for Bergmann's rule in rodents; however, 
it appeared that larger species tended to be associated with re-
gions characterized by high precipitation. Although this result had 
been demonstrated before using a relatively smaller rodent dataset 
(Alhajeri & Steppan, 2016), in the present study we confirmed this 
outcome using much larger datasets and more rigorous statistical 
approaches. It is possible that this relationship reflects an effect of 
resource availability on the body size of species, whereby produc-
tive regions (i.e., those associated with high precipitation) are able 
to support larger species. We tested this hypothesis by exploring 
the relationship between species body sizes and NDVI, as a proxy 
for productivity, and found that there was indeed a clear positive re-
lationship, with larger species generally being found in regions with 
higher NDVI. Yet, this relationship remained weak, as was found be-
fore in a smaller rodent dataset (Alhajeri, Porto, & Maestri, 2020). 
This demonstrates that resource availability might play a role in shap-
ing the evolution of body size in rodents, but also that more work 
is needed to find the factors, or combination of factors, that fully 
explain the observed variation of body size across rodent species.

The body size of species, which is constrained, in part, by en-
vironmental factors, especially resources as we demonstrated, in 

turn constrains the evolution of species range size. We found sup-
port for a log– log triangular relationship between body length and 
range area, as was hypothesized earlier (Brown & Maurer, 1987). 
The lower bound of this relationship is because a larger range size 
is necessary for acquiring the resources needed to sustain larger 
species. However, we identified that the lower bound of range size 
for rodents was associated with a segmented relationship with body 
size, which appears to be found at the scale of mammals in general 
(Agosta & Bernardo, 2013; Newsome et al., 2020). An explanation 
for this segmented relationship is that there is, in fact, an optimal 
body size (around the breakpoint) for which the trade- off between 
range size and body size is minimized. Another possibility for the 
negative relationship before the breakpoint could be that endemic 
species (i.e., those with a very narrow range) have already gone 
extinct because they are naturally more susceptible to any distur-
bance, human driven or otherwise.

The relationship we observed between range size and body size 
means that there is a lower limit to species range size for a given 
body size, below which resource acquisition might become too dif-
ficult for sustaining populations in the long term. Therefore, species 
closer to this boundary are potentially more susceptible to distur-
bance, and therefore might exhibit elevated extinction risk. The 
IUCN database of rodent species we used lists a couple of extinct 
species; one of them, the Bramble Cay melomys (Melomys rubicola), 
became extinct in 2015, most probably because of sea- level rise 
(Woinarski et al., 2017). It was a medium- sized species (c. 15 cm) that 
was found in a very restricted range (2 ha) on a tiny Australian island, 
making it the species with the smallest relative range in our database 
(see Supporting Information Table S4). This anecdotal evidence is 
congruent with a real link between extinction and our estimate of 
relative range size.

F I G U R E  4  Effect of range size on the extinction risk of rodents. (a,b) Violin plots showing relative range size of species [ratio between 
the observed range area and the lower bound of the triangular relationship between range size and body size, estimated in phylogenetic 
regressions using (a) completed or (b) DNA- only phylogenetic trees] in relationship to their conservation status according to the International 
Union for Conservation of Nature (IUCN). (c) Estimated relationship between the extinction risk of species (coded according to IUCN 
conservation status: 0 = least concern and 1 = extinct) and relative range size. We show here results after excluding all species whose 
conservation status was decided based on criterion B (small range size) to avoid circularity; the same results for all species are shown in the 
Supporting Information (Figure S3).
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More generally, we demonstrated here that species with smaller 
relative range size were associated with unfavourable conservation 
status, even when we excluded species classified according to crite-
rion B (i.e., range size). There is a known tendency for a species to be 
more threatened if it is larger in size (Dirzo et al., 2014) and smaller in 
range (Cardillo et al., 2008). The combination of these two factors in 
a single species is expected to raise extinction risk even more than if 
they occur individually. Thus, from a conservation perspective, more 
attention must be paid to small- ranged species that are distributed 
across a smaller area (e.g., endemic species) than expected relative 
to their body size. Among the species that have a small relative range 
size, many are classified as “data deficient” (125 of 342; i.e., 36.5%), 
meaning that their conservation status could not be estimated ade-
quately. Given that these species are typically distributed across a 
small region, it is not surprising that they have remained relatively 
unnoticed by the scientific community. Moreover, we observed that 
“data deficient” species have, on average, a relative range size equiv-
alent to species classified as “vulnerable”. Therefore, we argue that 
they should be given more attention, because it is likely that some of 
them are already (unknowingly) threatened or that they will become 
vulnerable in the near future.

Although the relationship between relative range and extinction 
risk was unambiguous, we could observe some notable exceptions 
(i.e., species with small relative range but favourable conservation 
status). Among the species with the smallest relative range, the 
Kalinga shrew- mouse (Soricomys kalinga) and the cloud rat Batomys 
uragon are endemic to the montane forests of the Philippines, where 
they are currently not considered under threat (“least concern”) 
(Balete et al., 2006, 2015). The fact that they are confined to small 
areas of montane forests, where traditional cultural practices ensure 
the sustainable use of forest habitat, probably explains why they 
have managed to keep viable populations. However, we encourage 
conservationists to scrutinize all species that exhibit small ranges 
relative to their body size and to consider them as candidate targets 
for conservation efforts, because they might be particularly at risk 
of extinction even if their present trends do not appear alarming.

Overall, we identified four regions containing a significant pro-
portion of rodent species with a small relative range, which include, 
in part, the known global hotspots of mammal diversity (Ceballos & 
Ehrlich, 2006). Three of them correspond to tropical forests, which is 
a type of habitat that is currently under threat (Myers, 1993). We ex-
pected to find narrower range sizes (Rapoport's rule; Stevens, 1989) 
and smaller body sizes (Bergmann's rule; Mayr, 1956) in the trop-
ics. Interestingly, species that have a smaller than expected range 
size are also concentrated in the tropics. We can hypothesize that 
competitive interactions in these diversity hotspots lead to a further 
reduction of species range area, leading to smaller distributions than 
expected given their body size (Pianka, 1989). There is thus a com-
bination of intrinsic (smaller than expected distribution area) and 
extrinsic (human- driven deforestation) factors that might endanger 
rodent biodiversity in these areas in several ways. It is noticeable that 
the main hotspot that we detected is located in the Philippines and 
Indonesia. We hypothesize that the geological history of the area, 

made of isolated islands and mountains, promoted the diversifica-
tion of many species with small ranges, leading to considerable levels 
of endemism (Heaney et al., 1998). The fourth region, the Aleutian 
islands, is a species- poor area but hosts a large proportion of spe-
cies with a small relative range. It is a known region of endemism 
for mammals (Cook & MacDonald, 2001) and has been subjected to 
an invasion by rats (Rattus norvegicus) that threatens the local fauna 
(Kurle et al., 2008). It appears, based on our result, that it should be 
among the priority targets for conservation of rodents.

Given that the relative range size we report originates in the 
evolution of body size driven by environmental factors, changes 
in these factors might lead to a cascade of consequences and indi-
rectly influence the extinction risk of species. For instance, following 
Bergmann's rule, climate warming should select for smaller individ-
uals (Sheridan & Bickford, 2011) and thus push species further away 
from the lower boundary of a triangular relationship between body 
size and range size. In rodents, we demonstrated that this relation-
ship is segmented and that resource availability is the main factor 
influencing body size. The effect of climate change on the relative 
range of species is therefore uncertain. It is clear, however, that 
short-  (Wolf et al., 2009) and long- term (Renaud et al., 2005) varia-
tion in climatic conditions affect the morphology of rodents. It will 
be important, therefore, to monitor how climate change and direct 
human pressure, by modifying species range and selecting certain 
traits, lead to the displacement of species within the body size– 
range size space.

Despite the nearly comprehensive database on the morpho-
logical traits, distribution and conservation status of rodents that 
we used in the present study, one must keep in mind that we ex-
plored only a few factors as correlates of body size, range size and 
extinction risk and that most of the relationships we revealed were 
relatively weak. A large number of additional factors are certainly 
associated with extinction risk. In this regard, some traits frequently 
linked to higher extinction risk include habitat specialization (Clavel 
et al., 2011) or long generation time (Staerk et al., 2019). In addition, 
many aspects of human activity are clearly responsible for extinc-
tion of species in the wild, such as land conversion, invasive species 
or overexploitation (Harfoot et al., 2021). Therefore, although our 
study highlights some interesting links between macroecological 
patterns and conservation assessments, more research is needed to 
draw a complete picture of extinction risk in rodents and to deter-
mine whether our findings are generalizable to other taxa.

In conclusion, we showed that environmental variables, espe-
cially those related to resource availability, contribute to the evolu-
tion of body size in rodents. Body size, in turn, imposes a constraint 
on the minimal range size of species, because larger species need 
larger areas. In the context of today, when human activity acts as a 
strong disturbance to most species, this makes some species partic-
ularly at risk of extinction because, given their body size (the evolu-
tion of which has been shaped by environmental factors), they are 
distributed in narrow ranges. This shows that biogeographical his-
tory and evolutionary legacy are important to consider from a con-
servation perspective. Although the contribution of these processes 
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to current extinction risk remains weak, characterizing these com-
plex relationships between environmental drivers, body size and 
range size could help us to detect species that might become threat-
ened in the near future.

ACKNOWLEDG EMENTS
We did not receive any specific financial support for this work. We 
would like to thank all the institutions that contributed to compila-
tion of all the data used in this study and to making them available 
for research.

CONFLIC T OF INTERE S T
The authors declare that they have no conflict of interest.

DATA AVAIL ABILIT Y S TATEMENT
All analyses are based on publicly available data from the IUCN 
(range area and conservation status: https://www.iucnr edlist.org/), 
WorldClim (climate data: https://world clim.org/), museum data-
bases and the literature (morphological data were compiled and 
made available by Alhajeri, Fourcade, et al., 2020).

ORCID
Yoan Fourcade  https://orcid.org/0000-0003-3820-946X 
Bader H. Alhajeri  https://orcid.org/0000-0002-4071-0301 

R E FE R E N C E S
Agosta, S. J., & Bernardo, J. (2013). New macroecological insights 

into functional constraints on mammalian geographical range 
size. Proceedings of the Royal Society B: Biological Sciences, 280, 
20130140. https://doi.org/10.1098/rspb.2013.0140

Alhajeri, B. H., & Fourcade, Y. (2019). High correlation between species- 
level environmental data estimates extracted from IUCN expert 
range maps and from GBIF occurrence data. Journal of Biogeography, 
46, 1329– 1341. https://doi.org/10.1111/jbi.13619

Alhajeri, B. H., Fourcade, Y., Upham, N. S., & Alhaddad, H. (2020). A 
global test of Allen's rule in rodents. Global Ecology & Biogeography, 
29, 2248– 2260. https://doi.org/10.1111/geb.13198

Alhajeri, B. H., Porto, L. M. V., & Maestri, R. (2020). Habitat productivity 
is a poor predictor of body size in rodents. Current Zoology, 66, 135– 
143. https://doi.org/10.1093/cz/zoz037

Alhajeri, B. H., & Steppan, S. J. (2016). Association between climate 
and body size in rodents: A phylogenetic test of Bergmann's 
rule. Mammalian Biology, 81, 219– 225. https://doi.org/10.1016/j.
mambio.2015.12.001

Andermann, T., Faurby, S., Turvey, S. T., Antonelli, A., & Silvestro, D. 
(2020). The past and future human impact on mammalian diversity. 
Science Advances, 6, eabb2313. https://doi.org/10.1126/sciadv.
abb2313

Arita, H. T., Rodríguez, P., & Vázquez- Domínguez, E. (2005). Continental 
and regional ranges of north American mammals: Rapoport's rule in 
real and null worlds. Journal of Biogeography, 32, 961– 971. https://
doi.org/10.1111/j.1365- 2699.2005.01276.x

Balete, D. S., Rickart, E. A., & Heaney, L. R. (2006). A new species of the 
shrew- mouse, Archboldomys (Rodentia: Muridae: Murinae), from 
The Philippines. Systematics and Biodiversity, 4, 489– 501. https://
doi.org/10.1017/S1477 20000 6002003

Balete, D. S., Rickart, E. A., Heaney, L. R., & Jansa, S. A. (2015). A new spe-
cies of Batomys (Muridae, Rodentia) from southern Luzon Island, 

Philippines. Proceedings of the Biological Society of Washington, 128, 
22– 39. https://doi.org/10.2988/0006- 324X- 128.1.22

Barnosky, A. D., Matzke, N., Tomiya, S., Wogan, G. O. U., Swartz, B., 
Quental, T. B., Marshall, C., McGuire, J. L., Lindsey, E. L., Maguire, 
K. C., Mersey, B., & Ferrer, E. A. (2011). Has the earth’ s sixth 
mass extinction already arrived? Nature, 470, 51– 57. https://doi.
org/10.1038/natur e09678

Blackburn, T. M., & Gaston, K. J. (1996). Spatial patterns in the geo-
graphic range sizes of bird species in the New World. Philosophical 
Transactions of the Royal Society of London Series B: Biological 
Sciences, 351, 897– 912. https://doi.org/10.1098/rstb.1996.0083

Blanchet, S., Reyjol, Y., April, J., Mandrak, N. E., Rodríguez, M. A., 
Bernatchez, L., & Magnan, P. (2013). Phenotypic and phyloge-
netic correlates of geographic range size in Canadian freshwater 
fishes. Global Ecology and Biogeography, 22, 1083– 1094. https://doi.
org/10.1111/geb.12074

Böhm, M., Kemp, R., Williams, R., Davidson, A. D., Garcia, A., McMillan,  
K. M., Bramhall, H. R., & Collen, B. (2017). Rapoport's rule and deter-
minants of species range size in snakes. Diversity and Distributions, 
23, 1472– 1481. https://doi.org/10.1111/ddi.12632

Böhm, M., Williams, R., Bramhall, H. R., McMillan, K. M., Davidson,  
A. D., Garcia, A., Bland, L. M., Bielby, J., & Collen, B. (2016). 
Correlates of extinction risk in squamate reptiles: The relative im-
portance of biology, geography, threat and range size. Global Ecology 
and Biogeography, 25, 391– 405. https://doi.org/10.1111/geb.12419

Brown, J. H., & Maurer, B. A. (1987). Evolution of species assemblages: 
Effects of energetic constraints and species dynamics on the diver-
sification of the north American avifauna. The American Naturalist, 
130, 1– 17. https://doi.org/10.1086/284694

Burgin, C. J., Colella, J. P., Kahn, P. L., & Upham, N. S. (2018). How many 
species of mammals are there? Journal of Mammalogy, 99, 1– 14. 
https://doi.org/10.1093/jmamm al/gyx147

Bürkner, P.- C. (2017). Brms: An R package for Bayesian multilevel mod-
els using Stan. Journal of Statistical Software, 80, 1– 28. https://doi.
org/10.18637/ jss.v080.i01

Burnham, K. P., & Anderson, D. R. (2002). Model selection and multi- model 
inference: A practical information- theoretic approach. Springer- Verlag.

Cardillo, M., Mace, G. M., Gittleman, J. L., Jones, K. E., Bielby, J., & Purvis, 
A. (2008). The predictability of extinction: Biological and external 
correlates of decline in mammals. Proceedings of the Royal Society 
B: Biological Sciences, 275, 1441– 1448. https://doi.org/10.1098/
rspb.2008.0179

Cardillo, M., Mace, G. M., Gittleman, J. L., & Purvis, A. (2006). Latent ex-
tinction risk and the future battlegrounds of mammal conservation. 
Proceedings of the National Academy of Sciences, 103, 4157– 4161. 
https://doi.org/10.1073/pnas.05105 41103

Ceballos, G., & Ehrlich, P. R. (2006). Global mammal distributions, bio-
diversity hotspots, and conservation. Proceedings of the National 
Academy of Sciences, 103, 19374– 19379. https://doi.org/10.1073/
pnas.06093 34103

Chamberlain, S. (2020). Rredlist: “IUCN” red list client. https://CRAN.R- 
proje ct.org/packa ge=rredlist

Clavel, J., Julliard, R., & Devictor, V. (2011). Worldwide decline of spe-
cialist species: Toward a global functional homogenization? 
Frontiers in Ecology and the Environment, 9, 222– 228. https://doi.
org/10.1890/080216

Cook, J. A., & MacDonald, S. O. (2001). Should endemism be a focus 
of conservation efforts along the North Pacific coast of North 
America? Biological Conservation, 97, 207– 213. https://doi.
org/10.1016/S0006 - 3207(00)00113 - 0

Davidson, A. D., Hamilton, M. J., Boyer, A. G., Brown, J. H., & Ceballos, 
G. (2009). Multiple ecological pathways to extinction in mammals. 
Proceedings of the National Academy of Sciences, 106, 10702– 10705. 
https://doi.org/10.1073/pnas.09019 56106

https://www.iucnredlist.org/
https://worldclim.org/
https://orcid.org/0000-0003-3820-946X
https://orcid.org/0000-0003-3820-946X
https://orcid.org/0000-0002-4071-0301
https://orcid.org/0000-0002-4071-0301
https://doi.org/10.1098/rspb.2013.0140
https://doi.org/10.1111/jbi.13619
https://doi.org/10.1111/geb.13198
https://doi.org/10.1093/cz/zoz037
https://doi.org/10.1016/j.mambio.2015.12.001
https://doi.org/10.1016/j.mambio.2015.12.001
https://doi.org/10.1126/sciadv.abb2313
https://doi.org/10.1126/sciadv.abb2313
https://doi.org/10.1111/j.1365-2699.2005.01276.x
https://doi.org/10.1111/j.1365-2699.2005.01276.x
https://doi.org/10.1017/S1477200006002003
https://doi.org/10.1017/S1477200006002003
https://doi.org/10.2988/0006-324X-128.1.22
https://doi.org/10.1038/nature09678
https://doi.org/10.1038/nature09678
https://doi.org/10.1098/rstb.1996.0083
https://doi.org/10.1111/geb.12074
https://doi.org/10.1111/geb.12074
https://doi.org/10.1111/ddi.12632
https://doi.org/10.1111/geb.12419
https://doi.org/10.1086/284694
https://doi.org/10.1093/jmammal/gyx147
https://doi.org/10.18637/jss.v080.i01
https://doi.org/10.18637/jss.v080.i01
https://doi.org/10.1098/rspb.2008.0179
https://doi.org/10.1098/rspb.2008.0179
https://doi.org/10.1073/pnas.0510541103
https://doi.org/10.1073/pnas.0609334103
https://doi.org/10.1073/pnas.0609334103
https://cran.r-project.org/package=rredlist
https://cran.r-project.org/package=rredlist
https://doi.org/10.1890/080216
https://doi.org/10.1890/080216
https://doi.org/10.1016/S0006-3207(00)00113-0
https://doi.org/10.1016/S0006-3207(00)00113-0
https://doi.org/10.1073/pnas.0901956106


216  |    FOURCADE and ALHAJERI

Detsch, F. (2020). gimms: Download and Process GIMMS NDVI3g Data. 
https://CRAN.R- proje ct.org/packa ge=gimms

Dirzo, R., Young, H. S., Galetti, M., Ceballos, G., Isaac, N. J. B., & Collen, B. 
(2014). Defaunation in the Anthropocene. Science, 345, 401– 406. 
https://doi.org/10.1126/scien ce.1251817

Fick, S. E., & Hijmans, R. J. (2017). WorldClim 2: New 1- km spatial res-
olution climate surfaces for global land areas. International Journal 
of Climatology, 37, 4302– 4315. https://doi.org/10.1002/joc.5086

Gaston, K. J. (1998). Species- range size distributions: Products of specia-
tion, extinction and transformation. Philosophical Transactions of the 
Royal Society of London Series B: Biological Sciences, 353, 219– 230. 
https://doi.org/10.1098/rstb.1998.0204

Gaston, K. J. (2003). The structure and dynamics of geographic ranges. 
Oxford University Press.

Gaston, K. J., Blackburn, T. M., & Spicer, J. I. (1998). Rapoport's rule: Time 
for an epitaph? Trends in Ecology & Evolution, 13, 70– 74. https://doi.
org/10.1016/S0169 - 5347(97)01236 - 6

Harfoot, M. B. J., Johnston, A., Balmford, A., Burgess, N. D., Butchart,  
S. H. M., Dias, M. P., Hazin, C., Hilton- Taylor, C., Hoffmann, M., Isaac, 
N. J. B., Iversen, L. L., Outhwaite, C. L., Visconti, P., & Geldmann, J. 
(2021). Using the IUCN red list to map threats to terrestrial verte-
brates at global scale. Nature Ecology and Evolution, 5, 1510– 1519. 
https://doi.org/10.1038/s4155 9- 021- 01542 - 9

Heaney, L., Balete, D., Dolar, L., & Ong, P. (1998). A synopsis of the mam-
malian Fauna of the Philippine Islands. Fieldiana Zoology, 88, 1– 61.

Herkt, K. M. B., Skidmore, A. K., & Fahr, J. (2017). Macroecological con-
clusions based on IUCN expert maps: A call for caution. Global 
Ecology and Biogeography, 26, 930– 941. https://doi.org/10.1111/
geb.12601

Ho, L. S. T., & Ané, C. (2014). A linear- time algorithm for Gaussian and 
non- Gaussian trait evolution models. Systematic Biology, 63, 397– 
408. https://doi.org/10.1093/sysbi o/syu005

IUCN. (2017). The IUCN Red List of Threatened Species, version 3. 
https://www.iucnr edlist.org/

Karger, D. N., Conrad, O., Bohner, J., Kawohl, T., Kreft, H., Soria- 
Auza, R. W., Zimmermann, N. E., Linder, H. P., & Kessler, M. 
(2017). Climatologies at high resolution for the earth's land sur-
face areas. Scientific Data, 4, 170122. https://doi.org/10.1038/
sdata.2017.122

Karger, D. N., & Zimmermann, N. E. (2018). CHELSAcruts –  High resolution 
temperature and precipitation timeseries for the 20th century and be-
yond. Environmental Data. https://doi.org/10.16904/ envid at.159

Kennerley, R. J., Lacher, T. E., Jr., Hudson, M. A., Long, B., McCay,  
S. D., Roach, N. S., Turvey, S. T., & Young, R. P. (2021). Global pat-
terns of extinction risk and conservation needs for Rodentia and 
Eulipotyphla. Diversity and Distributions, 27, 1792– 1806. https://
doi.org/10.1111/ddi.13368

Koenker, R. (2021). quantreg: Quantile Regression. https://CRAN.R- 
proje ct.org/packa ge=quantreg

Kurle, C. M., Croll, D. A., & Tershy, B. R. (2008). Introduced rats indi-
rectly change marine rocky intertidal communities from algae-  to 
invertebrate- dominated. Proceedings of the National Academy of 
Sciences, 105, 3800– 3804. https://doi.org/10.1073/pnas.08005 70105

Le Breton, T. D., Zimmer, H. C., Gallagher, R. V., Cox, M., Allen, S., & Auld, 
T. D. (2019). Using IUCN criteria to perform rapid assessments of 
at- risk taxa. Biodiversity and Conservation, 28, 863– 883. https://doi.
org/10.1007/s1053 1- 019- 01697 - 9

Lester, S. E., Ruttenberg, B. I., Gaines, S. D., & Kinlan, B. P. (2007). The 
relationship between dispersal ability and geographic range size. 
Ecology Letters, 10, 745– 758. https://doi.org/10.1111/j.1461- 0248. 
2007.01070.x

Lucas, P. M., González- Suárez, M., & Revilla, E. (2019). Range area 
matters, and so does spatial configuration: Predicting conserva-
tion status in vertebrates. Ecography, 42, 1103– 1114. https://doi.
org/10.1111/ecog.03865

Mayr, E. (1956). Geographical character gradients and climatic adaption. 
Evolution, 10, 105– 108. https://doi.org/10.2307/2406103

Meiri, S. (2011). Bergmann's rule –  what's in a name? Global Ecology and 
Biogeography, 20, 203– 207. https://doi.org/10.1111/j.1466- 8238. 
2010. 00577.x

Muggeo, V. M. R. (2008). Segmented: An R package to fit regression 
models with broken- line relationships. R News, 8, 7.

Murray, K. A., Verde Arregoitia, L. D., Davidson, A., di Marco, M., &  
di Fonzo, M. M. I. (2014). Threat to the point: Improving the value of 
comparative extinction risk analysis for conservation action. Global 
Change Biology, 20, 483– 494. https://doi.org/10.1111/gcb.12366

Myers, N. (1993). Tropical forests: The Main deforestation fronts. 
Environmental Conservation, 20, 9– 16. https://doi.org/10.1017/
S0376 89290 0037176

Newsome, T. M., Wolf, C., Nimmo, D. G., Kopf, R. K., Ritchie, E. G., Smith, 
F. A., & Ripple, W. J. (2020). Constraints on vertebrate range size 
predict extinction risk. Global Ecology and Biogeography, 29, 76– 86. 
https://doi.org/10.1111/geb.13009

Owens, I. P. F., & Bennett, P. M. (2000). Ecological basis of extinction 
risk in birds: Habitat loss versus human persecution and introduced 
predators. Proceedings of the National Academy of Sciences, 97, 
12144– 12148. https://doi.org/10.1073/pnas.20022 3397

Pagel, M. (1999). Inferring the historical patterns of biological evolution. 
Nature, 401, 877– 884. https://doi.org/10.1038/44766

Pianka, E. R. (1989). Latitudinal gradients in species diversity. Trends 
in Ecology & Evolution, 4, 223. https://doi.org/10.1016/ 0169- 
5347(89)90163 - 8

Purvis, A., Jones, K. E., & Mace, G. M. (2000). Extinction. BioEssays, 22, 
1123– 1133. https://doi.org/10.1002/1521- 1878(20001 2)22:12< 
1123::AID- BIES1 0>3.0.CO;2- C

R Core Team. (2020). R: A language and environment for statistical comput-
ing. R Foundation for Statistical Computing. https://www.R- proje 
ct.org/

Renaud, S., Michaux, J., Schmidt, D. N., Aguilar, J. P., Mein, P., & Auffray, 
J. C. (2005). Morphological evolution, ecological diversification and 
climate change in rodents. Proceedings of the Royal Society B: Biological 
Sciences, 272, 609– 617. https://doi.org/10.1098/rspb.2004.2992

Revell, L. J. (2012). Phytools: An R package for phylogenetic comparative 
biology (and other things). Methods in Ecology and Evolution, 3, 217– 
223. https://doi.org/10.1111/j.2041- 210X.2011.00169.x

Revelle, W. (2020). Psych: Procedures for psychological, psychometric, and 
personality research. https://CRAN.R- proje ct.org/packa ge= psych

Rodrigues, A. S. L., Pilgrim, J. D., Lamoreux, J. F., Hoffmann, M., & Brooks, 
T. M. (2006). The value of the IUCN red list for conservation. 
Trends in Ecology & Evolution, 21, 71– 76. https://doi.org/10.1016/ 
j.tree.2005.10.010

Schipper, J., Chanson, J. S., Chiozza, F., Cox, N. A., Hoffmann, M., 
Katariya, V., Lamoreux, J., Rodrigues, A. S. L., Stuart, S. N., Temple, 
H. J., Baillie, J., Boitani, L., Lacher, T. E., Jr., Mittermeier, R. A., Smith, 
A. T., Absolon, D., Aguiar, J. M., Amori, G., Bakkour, N., … Young, 
B. E. (2008). The status of the world's land and marine mammals: 
Diversity, threat, and knowledge. Science, 322, 225– 530. https://
doi.org/10.1126/scien ce.1165115

Sheridan, J. A., & Bickford, D. (2011). Shrinking body size as an ecologi-
cal response to climate change. Nature Climate Change, 1, 401– 406. 
https://doi.org/10.1038/nclim ate1259

Silvestro, D., Kostikova, A., Litsios, G., Pearman, P. B., & Salamin, N. 
(2015). Measurement errors should always be incorporated in phy-
logenetic comparative analysis. Methods in Ecology and Evolution, 6, 
340– 346. https://doi.org/10.1111/2041- 210X.12337

Slatyer, R. A., Hirst, M., & Sexton, J. P. (2013). Niche breadth predicts 
geographical range size: A general ecological pattern. Ecology 
Letters, 16, 1104– 1114. https://doi.org/10.1111/ele.12140

Staerk, J., Conde, D. A., Ronget, V., Lemaitre, J. F., Gaillard, J. M., & 
Colchero, F. (2019). Performance of generation time approximations 

https://cran.r-project.org/package=gimms
https://doi.org/10.1126/science.1251817
https://doi.org/10.1002/joc.5086
https://doi.org/10.1098/rstb.1998.0204
https://doi.org/10.1016/S0169-5347(97)01236-6
https://doi.org/10.1016/S0169-5347(97)01236-6
https://doi.org/10.1038/s41559-021-01542-9
https://doi.org/10.1111/geb.12601
https://doi.org/10.1111/geb.12601
https://doi.org/10.1093/sysbio/syu005
https://www.iucnredlist.org/
https://doi.org/10.1038/sdata.2017.122
https://doi.org/10.1038/sdata.2017.122
https://doi.org/10.16904/envidat.159
https://doi.org/10.1111/ddi.13368
https://doi.org/10.1111/ddi.13368
https://cran.r-project.org/package=quantreg
https://cran.r-project.org/package=quantreg
https://doi.org/10.1073/pnas.0800570105
https://doi.org/10.1007/s10531-019-01697-9
https://doi.org/10.1007/s10531-019-01697-9
https://doi.org/10.1111/j.1461-0248.2007.01070.x
https://doi.org/10.1111/j.1461-0248.2007.01070.x
https://doi.org/10.1111/ecog.03865
https://doi.org/10.1111/ecog.03865
https://doi.org/10.2307/2406103
https://doi.org/10.1111/j.1466-8238.2010.00577.x
https://doi.org/10.1111/j.1466-8238.2010.00577.x
https://doi.org/10.1111/gcb.12366
https://doi.org/10.1017/S0376892900037176
https://doi.org/10.1017/S0376892900037176
https://doi.org/10.1111/geb.13009
https://doi.org/10.1073/pnas.200223397
https://doi.org/10.1038/44766
https://doi.org/10.1016/0169-5347(89)90163-8
https://doi.org/10.1016/0169-5347(89)90163-8
https://doi.org/10.1002/1521-1878(200012)22:12%3C1123::AID-BIES10%3E3.0.CO;2-C
https://doi.org/10.1002/1521-1878(200012)22:12%3C1123::AID-BIES10%3E3.0.CO;2-C
https://www.r-project.org/
https://www.r-project.org/
https://doi.org/10.1098/rspb.2004.2992
https://doi.org/10.1111/j.2041-210X.2011.00169.x
https://cran.r-project.org/package=psych
https://doi.org/10.1016/j.tree.2005.10.010
https://doi.org/10.1016/j.tree.2005.10.010
https://doi.org/10.1126/science.1165115
https://doi.org/10.1126/science.1165115
https://doi.org/10.1038/nclimate1259
https://doi.org/10.1111/2041-210X.12337
https://doi.org/10.1111/ele.12140


    |  217FOURCADE and ALHAJERI

for extinction risk assessments. Journal of Applied Ecology, 56, 
1436– 1446. https://doi.org/10.1111/1365- 2664.13368

Stevens, G. C. (1989). The latitudinal gradient in geographical range: How 
so many species coexist in the tropics. The American Naturalist, 133, 
240– 256. https://doi.org/10.1086/284913

Tingley, R., Hitchmough, R. A., & Chapple, D. G. (2013). Life- history traits 
and extrinsic threats determine extinction risk in New Zealand liz-
ards. Biological Conservation, 165, 62– 68. https://doi.org/10.1016/ 
j.biocon.2013.05.028

Upham, N. S., Esselstyn, J. A., & Jetz, W. (2019). Inferring the mammal 
tree: Species- level sets of phylogenies for questions in ecology, 
evolution, and conservation. PLoS Biology, 17, e3000494. https://
doi.org/10.1371/journ al.pbio.3000494

Verde Arregoitia, L. D. (2016). Biases, gaps, and opportunities in mamma-
lian extinction risk research. Mammal Review, 46, 17– 29. https://doi.
org/10.1111/mam.12049

Vilela, B., & Villalobos, F. (2015). letsR: A new R package for data handling 
and analysis in macroecology. Methods in Ecology and Evolution, 6, 
1229– 1234. https://doi.org/10.1111/2041- 210X.12401

Whitton, F. J. S., Purvis, A., Orme, C. D. L., & Olalla- Tárraga, M. Á. (2012). 
Understanding global patterns in amphibian geographic range size: 
Does Rapoport rule? Global Ecology and Biogeography, 21, 179– 190. 
https://doi.org/10.1111/j.1466- 8238.2011.00660.x

Woinarski, J. C. Z., Garnett, S. T., Legge, S. M., & Lindenmayer, D. B. 
(2017). The contribution of policy, law, management, research, 
and advocacy failings to the recent extinctions of three Australian 
vertebrate species. Conservation Biology, 31, 13– 23. https://doi.
org/10.1111/cobi.12852

Wolf, M., Friggens, M., & Salazar- Bravo, J. (2009). Does weather shape 
rodents? Climate related changes in morphology of two heteromyid 
species. Naturwissenschaften, 96, 93– 101. https://doi.org/10.1007/
s0011 4- 008- 0456- y

Zeng, F.- W., Collatz, G. J., Pinzon, J. E., & Ivanoff, A. (2013). Evaluating 
and quantifying the climate- driven interannual variability in global 
inventory modeling and mapping studies (GIMMS) normalized dif-
ference vegetation index (NDVI3g) at global scales. Remote Sensing, 
5, 3918– 3950. https://doi.org/10.3390/rs508 3918

BIOSKE TCHE S

Yoan Fourcade is an Associate Professor at Université Paris 
Est Créteil and in the Institute of Ecology and Environmental 
Sciences of Paris. He is broadly interested in conservation biol-
ogy and spatial ecology. His current research topics deal with the 
interaction between local and macroecological processes in the 
context of climate change.

Bader H. Alhajeri is an Associate Professor of Zoology in the 
Department of Biological Sciences at Kuwait University. He is inter-
ested generally in mammalian evolutionary ecology and particularly 
in the macroecological causes of morphological variation among 
species, at very broad spatial and taxonomic scales. Most of his re-
search uses rodents as the study system. More information can be 
found on his website: https://sites.google.com/view/alhajeri.

SUPPORTING INFORMATION
Additional supporting information can be found online in the 
Supporting Information section at the end of this article.

How to cite this article: Fourcade, Y., & Alhajeri, B. H. (2023). 
Environmental correlates of body size influence range size and 
extinction risk: A global study in rodents. Global Ecology and 
Biogeography, 32, 206–217. https://doi.org/10.1111/geb.13622

https://doi.org/10.1111/1365-2664.13368
https://doi.org/10.1086/284913
https://doi.org/10.1016/j.biocon.2013.05.028
https://doi.org/10.1016/j.biocon.2013.05.028
https://doi.org/10.1371/journal.pbio.3000494
https://doi.org/10.1371/journal.pbio.3000494
https://doi.org/10.1111/mam.12049
https://doi.org/10.1111/mam.12049
https://doi.org/10.1111/2041-210X.12401
https://doi.org/10.1111/j.1466-8238.2011.00660.x
https://doi.org/10.1111/cobi.12852
https://doi.org/10.1111/cobi.12852
https://doi.org/10.1007/s00114-008-0456-y
https://doi.org/10.1007/s00114-008-0456-y
https://doi.org/10.3390/rs5083918
https://sites.google.com/view/alhajeri
https://doi.org/10.1111/geb.13622

	Environmental correlates of body size influence range size and extinction risk: A global study in rodents
	Abstract
	1|INTRODUCTION
	2|METHODS
	2.1|Species data
	2.2|Environmental variables
	2.3|Correlates of body size
	2.4|Modelling body size constraints on range size
	2.5|Extinction risk and range size

	3|RESULTS
	3.1|Correlates of body size
	3.2|Body size constraints on range size
	3.3|Extinction risk and range size

	4|DISCUSSION
	ACKNOWLEDGEMENTS
	CONFLICT OF INTEREST
	DATA AVAILABILITY STATEMENT

	REFERENCES
	BIOSKETCHES


